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Table 1. B{AEoto|d F4 Za

=9 7199= | W%z)| TFIDF AT [+ | 7I9= | ¥E@)| TEIDF A5

1 3DZUY 3,501 80.34 0.2345133 21 % 192 631.10 0.0075853

2 ) 1,228 1008.31 0.1210493 22 7Nt 188 477.83 0.0091656

3 Ak 796 1063.44 0.0597345 23 k] 181 485.23 0.0116941
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Abstract

3D printing is a major technology attracting attention in the fourth industrial revolution and is being used in various
fields. In the fashion field, a wide range of attempts are being made from high-end fashion to wearable fashion products
using 3D printers, and related research is also being conducted. In order to take advantages of 3D printing fashion,
which allows for free production and customized products, it is important to understand consumer perceptions and
attitudes towards them, but studies that empirically verify them are lacking. In this study, text-mining was conducted
during bog data analysis to examine consumer perception of 3D printing fashion. Using the social big data program
Textom, the study set keywords as “3D printing + fashion” in domestic and foreign major portal sites Naver, Daum,
and Google to collect online texts about 3D printing fashion, and frequency analysis, TF-IDF analysis, and opinion
mining. Based on this above, LDA topic modeling analysis was performed to find out the positive and negative emotions
of consumers, and the topics were derived and consumers’ perceptions were examined. As a result of the frequency
analysis, the frequency increased in the order of ‘3D printing’, ‘fashion’, ‘industry’, ‘design’, ‘technology’, ‘fashion
show’, ‘process’, ‘3D printer’, ‘3D’, ‘production’, etc. TF-IDF was highest in the order of ‘process’, ‘design’, ‘industry’,
‘fashion’, ‘technology’, etc. As a result of the topic modeling analysis, nine topics were derived: ‘design’, ‘fashion
show’, ‘experience’, ‘award’, ‘industry’, ‘professional technology’, ‘expo’, ‘production’, and ‘Girl’s day event’. In
addition, as a result of opinion mining analysis, the positive rate was 90.2%, which was higher than the negative
9.8%. Based on the analysis results, it shows that 3D printing fashion is positively recognized in our society as a
stage of introduction and growth for education and popularization.

Key words : text-mining, 3D printing fashion, opinion mining, topic modeling, consumer perception



